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POStel'S/Ora|S As before, papers were accepted as orals and posters

purely based on the quality. There were no caps set in the
paper decision process.

e 6,424 registered (vs. 5,165 in 2019)
e 5,865 valid submissions (vs. 4,538 in 2019)
e 1,467 accepted (25.0%)
e 335orals (5.7%) Registered vs accepted last 10 years
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Subject areas vs AC expertise

B Paper Primary [l AC Primary + Secondary

AN
mpu|

Recognition (detection, categorization)
Transfer/Low-shot/Semi/Unsupervised Learning
Face, gesture, and body pose

Image and video synthesis

Low-level and physics-based vision
Segmentation, grouping and shape

3D from multiview and sensors

3D from a single image and shape-from-x
Vision + language

Efficient training and inference methods for networks
Video analysis and understanding

Scene analysis and understanding
Representation learning

Action and behavior recognition

Medical, biological and cell microscopy

Motion and tracking

Adversarial learning

Machine learning architectures and formulations
Vision for robotics and autonomous vehicles
Computational photography

Image retrieval

Vision applications and systems

Datasets and evaluation

Optimization and learning methods

Neural generative models

Explainable Al

Biometrics

Vision + other modalities

Fairness, accountability, transparency and ethics in Vision
Visual reasoning and logical representation

1% 2% 4% 5% 8% 10% 12%
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Cumulative number of named GAN papers by month
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This image is licensed under CC-BY 3.0 Starry Night by Van Gogh
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Upsampling;

Ig)ownsamph.ng. Unpooling or strided

Poaling, strided

input
Midcres : transpose convolution ™3e
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7 Med-res:
D, x HI2 xW/2

skip connections |

Input:
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(b) FCAN Result
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Background code
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P e e e e e = == -

=== Stitching process
G Generative modules
C] Discriminative modules

@ Elementwise multiplication
(%) Elementwise addition

b - Background code

p - Parent code

¢ - Child code

Background stage
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Parent
Mask

Parent
Image

Child
Mask

Child
Image
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same child code, varying parent code

same parent code, varying child code

(a) Fixed b, varying p and ¢ (b) Fixed p and ¢, varying b
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Encoder [~ Generator

Real image

Generated image [

FineGAN
Generator

Image-code paired distributions need to be matched
(x,2) B (x,g) ()C,ﬁ (x,C) B
(%,2) (x,D) (X, p (x,¢)

Adversarial loss used to match paired distributions
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Cartoon/Sketch - Image

shape+pose background texture generation

w
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A

Labels to Street Scene Labels to Facade BW to Color

input ~ output input output
Edges to Photo

input output

pix2pix (Isola et al.)
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Semantic Map

pix2pixHD SPADE

pix2pixHD (Wang et al.) & SPADE (Park et al.)
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SPADE (Park et al.)

Two shortcomings

One style code per image

e —=d—==: N . _ L. —

__'SPADE| /| |SPADE!I_
| ResBlk | | ResBlk,

Insert style information only in the beginning
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Two modifications

= —-1-- -=L _ . ==
|| 'SPADE; ./ SPADE!_
1 ResBlk | | ResBlk,

i A

Inject style information at multiple locations
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Style Image

Source Image
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Style Semantic Map
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Style Semantic Map SPADE Ours
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